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A R T I C L E  I N F O A B S T R A C T
Article history: This study aimed to establish the correlation between perceived risk 

and Online Purchase Intention (OPI), specifically examining whether 
profession, personality traits, and experience mediate this correlation in a 
collectivist culture. The type of research design employed in this study was 
a quantitative, cross-sectional survey design, which was conducted with 
a sample of Pakistani consumers. Ordinary least squares regression and 
moderation analysis were implemented. The findings indicate that among 
various dimensions of perceived risk, social risk is the only one that may be 
influential on online purchase intention, revealing the importance of societal 
influencing factors in the Pakistani collectivist society. The interaction effects 
are very strong as observed in the moderation analysis, which means that 
profession, personality traits and experiences moderate the negative effect 
that the perceived risk has on OPI. The results suggest that social risk is the 
only dimension of perceived risk that has a significant impact on online 
purchase intention, which also highlights the societal aspect in collectivist 
Pakistani society. The moderation analysis demonstrates that there are 
substantial effects of interactions between profession, personality traits, and 
experiences and the negative influence of perceived risk on OPI.
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INTRODUCTION
In recent years, the e-commerce market in Pakistan has been 

growing rapidly, reaching $6 billion in 2024, with an expected 
annual growth rate of 15 percent (Statista, 2025). Online 
marketplaces, such as Daraz and AliExpress, have contributed to 
this growth, largely due to the widespread use of smartphones 
and an internet penetration rate of approximately 70 percent 
(Statista, 2025). Despite these advancements, consumers still 
do not trust due to various perceived risks, including concerns 
about the integrity of sellers, potential financial loss, fear of 
social criticism, data protection issues, product value, and 
threats to privacy or reputation (Lim et al., 2023; Bakhshi et 
al., 2024; Featherman & Pavlou, 2003). While a substantial 
number of existing studies examined these risks in isolation, 
there is a paucity of studies investigating their interactions 
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with consumer characteristics in a market like Pakistan, where consumer behaviour tends to be more 
collectivist (Hofstede, 2011).

In online contexts, various factors, including technological familiarity, social influence, cognitive 
judgment, and emotional response, collectively influence consumer choice (Li et al., 2023). Technology 
Acceptance Model (TAM) implies that when a person believes that a technology can be of value to him 
or her and learnable, he/she will use it (Davis, 1989). Also, the Theory of Planned Behaviour (TPB) is 
a postulation under which behavioural decisions are determined by the following factors: attitudes, 
perception of social expectations, and perceived control over behaviour (Ajzen, 1991). By integrating 
these positions, the given paper will focus on the effect of nine types of perceived risks on online purchase 
intention (OPI) and the orientation of this relationship depending on such factors as profession, shopper 
personality traits, and past experience related to online buying (Kim et al., 2023). Scholars have discovered 
that the personality traits including openness and neuroticism may affect the ways people respond to the 
negative risk (Zhou & Tang, 2023). Furthermore, trust and uncertainty can be decreased as a result of a 
successful online buying experience (Gao & Bai, 2014). This moderator has been neglected in the research 
designs of TAM-TPB particularly in the emerging economies. The SPSS was used to analyse the impact of 
the nine dimensions of perceived risk and three moderating factors to OPI in 500 Pakistani consumers 
using the PROCESS Model 1 of Hayes. This paper has addressed this gap. The research questions are the 
following:

•	 What impact do the dimensions of perceived risk have on the Online Purchase Intention (OPI) in the 
Pakistan context? 

•	 Does perceived risk have a moderate relationship with Online Purchase Intention (OPI) interaction 
with profession, personality traits, or experience?

LITERATURE REVIEW
Perceived Risk and Online Purchase Intention

Perceived risk refers to the consumer's perception of the risk associated with undesirable outcomes 
of online transactions, including financial losses or the disclosure of personal information (Phamthi et 
al., 2024; Featherman & Pavlou, 2003; Forsythe & Shi, 2003; Bauer, 1967). One can add various reasons 
behind this complicated sensation, such as the insecurity of the financial position, inadequacy to trust 
the quality of the product, data safety, privacy, fear of being judged by the community, suspicion of the 
product prices, vulnerability of a platform, and potential harm to its identity or image (Ariffin et al., 2018; 
Lim et al., 2023). Previous research studies have identified low trust and uncertainty regarding product 
quality as the primary sources of impediments to online purchasing opportunities (Zulfikar et al., 2025; 
Al-Adwan et al., 2022; Kim & Krishnan, 2015). The Theory of Planned Behaviour emphasizes personal 
attitude, social pressure, and perceived capability in determining behaviour when making decisions 
(Ajzen, 1991), whereas the Technological Acceptance Model (TAM) focuses more on the perceived 
usefulness and ease of use of the technology (Davis, 1989). All these frameworks will help establish a 
solid foundation for understanding perceived risk in relation to Online Purchase Intention (OPI).

The perceived risk refers to the fear of negative outcomes from an online activity, such as financial 
loss or privacy invasion, among consumers (Tseng et al., 2025; Ariffin et al., 2018). It entails not only the 
probability of bad results (indecisions) but also the extent of the damages (consequences) (Herrero & 
San Martín, 2012). Online shopping generally involves a higher level of perceived risk than in physical 
stores due to factors such as intangibility and uncertainty (Hipólito et al., 2025). Studies confirm that 
perceived risk is directly proportional to Online Purchase Intention (OPI), as perceived risks increase, 
purchase intentions tend to decline (Kim & Lennon, 2013). In Pakistan, collectivist cultural norms and 
high uncertainty avoidance further intensify the perception of trust and social risks (Hofstede, 2011). 
This study builds on Ariffin et al.’s (2018) six-factor risk model (financial, product, security, time, social, 
psychological) by introducing nine dimensions: trust, social, security, value, money waste, website 
security, privacy, image, and social recognition, to capture Pakistan’s unique e-commerce context better.

Cultural Context: Pakistan
Pakistan’s e-commerce market, valued at $6 billion in 2024, is propelled by high internet penetration 
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(70%) and smartphone usage (Statista, 2025). The country’s collectivist culture (Rigas & Riaz, 2015) and 
high uncertainty avoidance, as per Hofstede’s (2011) framework, amplify social and trust-related risks, 
making Pakistan an ideal context for studying OPI.

Online Purchase Intention
A thriving local e-commerce market is projected to be valued at $6 billion in 2024. It is forecasted to 

grow by 15 percent annually (Statista, 2025), making online shopping an everyday activity in Pakistan, 
alongside email usage and general web browsing (Iqbal et al., 2012). Online purchase intention (OPI) 
refers to a consumer's readiness to make an online purchase. It involves activities like price comparison, 
virtual cart browsing, and purchase (Li & Zhang, 2002). The presence of trust in sellers, social acceptability, 
and risk perception are key factors in the collectivist Pakistani society, which are accentuated by intense 
internet penetration and a large number of smartphone users (Statista, 2025). The lack of confidence 
because of the reliability/security of sellers and online data may dissuade online purchases, particularly 
in societies with a high degree of social reputation (Hofstede, 2011; Bakhshi et al., 2024). The study 
combines TAM and TPB to consider the impact of 9 dimensions of perceived risk, including trust, social, 
security, value, money waste, website security, privacy, image, and social recognition, on OPI and whether 
profession, personality, and prior experience act as moderators of the effects.

Trust Risk
Transaction risk: The risks associated with trust stem from the uncertainty that online sellers will fulfil 

their promises or conduct fair transactions (Featherman & Pavlou, 2003). In Pakistan, where cash-on-
delivery is a widely used method of payment (Statista, 2025), these issues remain relevant, particularly 
regarding the authenticity of products and their sellers (Bakhshi et al., 2024). When consumers do not 
trust websites such as Daraz, it may undermine their confidence and decrease the likelihood of purchases 
(Quintus et al., 2024). In collectivistic cultures, suggestions of peers can be used to minimize this 
uncertainty. Although Ariffin et al. (2018) indirectly elucidated trust in the context of psychological risk, 
the researchers considered it a significant obstacle (b = -0.18, p < 0.01). On this basis, the given research 
project makes the following hypothesis:

H1a:  trust risk is negatively associated with online purchase intention.

Social Risk
Social risk involves perceived disapproval from family, friends, or social groups regarding online 

purchases (Dowling & Staelin, 1994). In Pakistan’s collectivist culture, social influence shapes OPI, as peer 
endorsements on platforms like Instagram and TikTok drive decisions (Hofstede, 2011). Unlike Ariffin et 
al. (2018), who found social risk to be insignificant for apparel OPI (β = -0.00, p > 0.10), social risk may 
positively influence OPI in Pakistan due to social media’s role in amplifying peer recommendations (Ali 
et al., 2020). Based on this discussion, the following hypothesis is proposed:

H1b: Online purchase intention decreases as social risk increases.

Security Risk
Security risk refers to potential losses resulting from online fraud or hacking, which can compromise 

financial data (Forsythe & Shi, 2003). In Pakistan, despite the prevalence of cash-on-delivery, security 
concerns persist due to the involvement of global vendors and perceived inadequate internet security 
(Nhung Thang & Nguyen, 2025). Security fears are a significant barrier to OPI. Ariffin et al. (2018) found 
that security risk was the most significant deterrent (β = -0.31, p < 0.01). Robust security measures, such 
as trust seals, can help mitigate concerns. Based on this discussion, the following hypothesis is proposed:

H1c: Security risk is negatively associated with online purchase intention.

Value Risk
Value risk reflects concerns that online purchases may not provide adequate value for money, such as 

when products fail to meet expectations relative to cost (Featherman & Pavlou, 2003). In Pakistan’s price-
sensitive market, consumers fear overpaying for substandard products (Nhung Thang & Nguyen, 2025). 
Value risk undermines OPI, as perceived financial waste deters purchases. Ariffin et al. (2018) addressed 
value indirectly through financial risk (β = -0.25, p < 0.01), where competitive pricing and guarantees can 
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reduce value risk. Based on this discussion, the following hypothesis is proposed:

H1d: An increase in perceived value risk reduces consumers’ intention to buy online.

Money Waste Risk
Money waste risk involves concerns about unnecessary expenditure resulting from impulsive 

purchases or misleading discounts. In Pakistan, aggressive marketing, such as flash sales on Daraz, may 
lead to overspending, deterring OPI (Akhlaq & Ahmed, 2015). This risk aligns with Ariffin et al.’s (2018) 
financial risk, which included concerns about overspending (β = -0.25, p < 0.01). Transparent pricing 
and return policies can mitigate this risk (Forsythe & Shi, 2003). Based on this discussion, the following 
hypothesis is proposed:

H1e: Money waste risk is negatively associated with online purchase intention.

Website Security Risk
Website security risk is concerned with the technical stability of an e-commerce service, such as its 

vulnerability to hacking or other forms of internet malice (Forsythe & Shi, 2003). Some consumers in 
Pakistan, in particular, fear that their local websites use weak encryption tools, thereby exposing them 
to data theft (Nhung Thang & Nguyen, 2025). In contrast to the overall security risks, which encompass 
transaction safety, the category in question pertains to the technological protection of the platform. In 
the study of Ariffin et al. (2018), insecurity of websites is regarded as an element of security risk. Trust 
seals and secure payment systems are some of the measures that have demonstrated effectiveness in 
reducing consumer apprehension. On this reasoning, the following hypothesis is put forward:

H1f: A negative relationship exists between website security risk and online purchase intention.

Privacy Risk
Privacy risks arise from concerns that personal information may be misused or disclosed by online 

retailers (Featherman & Pavlou, 2003). In Pakistan, limited regulatory oversight heightens concerns 
about data sharing for marketing purposes (Akhlaq & Ahmed, 2015). Privacy risk negatively impacts 
OPI, as consumers avoid sharing details on unsecured platforms. Ariffin et al. (2018) did not explicitly 
test privacy risk, but their findings on security risk suggest an overlap. Privacy policies can enhance OPI 
(Nhung Thang & Nguyen, 2025). Based on this discussion, the following hypothesis is proposed:

H1g: There is a negative relationship between privacy risk and online purchase intention.

Image Risk
Image risk refers to concerns that online shopping may negatively impact one’s reputation or social 

standing (Carvache-Franco et al., 2022). In Pakistan’s collectivist culture, purchasing from lesser-known 
platforms may be perceived as a sign of poor judgment (Hofstede, 2011). Image risk overlaps with social 
risk but focuses on personal reputation. Ariffin et al. (2018) found social risk insignificant, but image 
risk may be relevant in Pakistan due to social media scrutiny. Based on this discussion, the following 
hypothesis is proposed:

H1h: There is a negative relationship between image risk and online purchase intention.

Social Recognition Risk
Social recognition risk refers to the concern that purchased products may not be valued by one’s social 

group. In Pakistan, where brand preferences indicate social status, consumers may avoid online purchases 
that lack social prestige (Auliya et al., 2025). This risk is distinct from social risk, focusing on product 
recognition. Ariffin et al. (2018) found social risk insignificant, but social recognition risk may be salient 
in Pakistan’s status-conscious culture. Based on this discussion, the following hypothesis is proposed:

H1i: There is a negative relationship between social recognition risk and online purchase intention.

Moderating Role of Individual Differences
Individual differences, such as profession; personality traits and experiences shape risk perceptions 

and moderate the relationship between perceived risks and OPI (Kim et al., 2023; Soto-Acosta et al., 
2014):
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Profession
Profession influences OPI through technological familiarity, income, and time constraints (Peng 

et al., 2019).  IT professionals with high digital literacy perceive lower security and trust risks, which 
enhances OPI (Kim et al., 2023). Sales professionals prioritize convenience, mitigating time-related 
risks, while managers prefer reliable platforms due to conscientiousness. Evidence on the profession’s 
moderating role remains limited (Kim et al., 2023). Ariffin et al. (2018) did not explore profession, but 
their findings on security risk suggest that profession may moderate risk perceptions. In Pakistan, where 
diverse professions engage in e-commerce, a profession likely amplifies or mitigates the negative effect 
of perceived risks on OPI. Based on this discussion, the following hypothesis is proposed:

H2: Profession moderates the relationship between perceived risk and online purchase intention, with 
IT professionals exhibiting stronger purchase intentions

Personality Traits
Based on the Big Five model (openness, conscientiousness, extraversion, agreeableness, and 

neuroticism), personality traits influence online behaviour (Quintelier, 2014). Extraversion enhances 
engagement with social media reviews, increasing OPI in response to social risk, particularly in Pakistan’s 
collectivist culture. Openness fosters exploration of new platforms, reducing value and trust risks, while 
neuroticism heightens privacy and security concerns, lowering OPI. Conscientiousness correlates with 
planned purchases, mitigating quality risks (Xie et al., 2025).  Ariffin et al. (2018) did not examine 
personality, but their findings on social and psychological risks suggest personality traits may moderate 
risk effects. Based on this discussion, the following hypothesis is proposed:

H3: Personality traits moderate the relationship between perceived risk and online purchase intention, 
with extraversion strengthening social influence effects and neuroticism weakening them.

Experiences
Previous experience moderates OPI by shaping trust and performance expectations (Kim et al., 2023). 

Experienced shoppers prioritize platform performance, reducing perceived risks, while novices focus on 
ease of use. Experience fosters trust and loyalty, particularly in relation to trust and security risks (Gao 
& Bai, 2014). In Pakistan, prior successful purchases on platforms like Daraz enhance trust, mitigating 
trust and security risks (Gao & Bai, 2014). Ariffin et al. (2018) did not test experience, but their findings 
on trust-related psychological risk suggest experience may attenuate risk perceptions. Past experience is 
particularly relevant in Pakistan, where frequent online shoppers exhibit lower risk sensitivity. Based on 
this discussion, the following hypothesis is proposed:

H4: Past experience moderates the relationship between perceived risk and online purchase intention, 
with experienced shoppers exhibiting lower risk sensitivity

Theoretical Framework
The proposed framework is based on both TAM and TPB to understand the effect of the nine perceived 

categories of risk in OPI and how different professions, character traits, and experiences of previous 
online interactions can affect these constructs. TAM is based on perceived usefulness and ease of use as 
determinants of technology acceptance (Davis, 1989) compared to TPB, which specifies the importance 
of attitudes, social pressures, and perceived control over behaviour (Ajzen, 1991). The two combined 
offer a complementary perspective of how consumer decision-making occurs in online business. The 
nine risk dimensions extend Ariffin et al.’s (2018) six-factor model, incorporating trust, privacy, value, 
money waste, website security, image, and social recognition risks to capture the e-commerce context 
in Pakistan. Hypotheses H1a-H1i address the direct effects of perceived risks, while H2–H4 focus on the 
moderating roles of profession, personality traits, and past experience.

This study integrates TAM and TPB to examine how profession, personality traits, and past experience 
moderate the relationship between perceived risk and OPI. The framework proposes:

•	 Antecedents: Trust, convenience, social influence, perceived usefulness

•	 Moderators: Profession (technological familiarity), personality traits (Big Five), past experience (trust 
and satisfaction)

•	 Outcomes: Online purchase intention, satisfaction, loyalty
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Research Gaps 
While personality and experience are well-documented, the profession’s moderating role is 

underexplored (Kim & Zhang, 2023). Few studies integrate these moderators in a TAM-TPB framework, 
and most focus on developed markets (e.g., China; Xie et al., 2025). The role of social media in amplifying 
social risk in collectivist cultures, particularly for interactive marketing, is also understudied (Zhao & 
Xun, 2025).

Table 1
Summary of Hypotheses and Associated Theoretical Foundations

Hypothesis Relationship Theoretical Basis

H1-H7 Perceived Risk → Online Purchase Intention Theory of Planned Behaviour

H8 Profession moderates PR → OPI Technology Acceptance Model + TPB

H9 Personality Traits moderate PR → OPI Big Five Model

H10 Past Experience moderates PR → OPI TAM + Learning Theory

METHODOLOGY
This study employed a quantitative, cross-sectional design to examine the relationship between 

perceived risks and OPI, moderated by profession, personality traits, and past experience. Structured 
questionnaires, adapted from Ariffin et al. (2018) with cultural adjustments (e.g., Urdu translations for 
clarity), were used to collect data from 500 Pakistani online shoppers.

Sampling Technique
A stratified random sampling method ensured proportional representation across professions (IT: 22%, 

education: 18%, business: 20%, healthcare: 15%, and others: 25%), thereby enhancing generalizability 
compared to prior purposive sampling approaches (Tabachnick & Fidell, 2013). Data were collected 
via Google Forms, yielding 500 valid responses from 620 distributed surveys (80.6% response rate). 
Respondents were aged 18–55 years (M = 31.4, SD = 8.2), with a balanced gender distribution (51% male, 
49% female). Prior online shopping frequency was measured on a 5-point Likert scale (1 = Never, 5 = 
Very Frequently). All constructs for this study were measured using 5-point Likert scales (1 = Strongly 
Disagree, 5 = Strongly Agree). A pilot test with 30 respondents confirmed the scale's clarity and cultural 
relevance, with minor rephrasing required for Urdu-speaking participants. Constructs included:

Perceived Risks
Adapted from Ariffin et al. (2018) and Featherman and Pavlou (2003), covering nine dimensions (e.g., 

Trust Risk: “I’m unsure if sellers will deliver as promised”; Social Risk: “Online shopping may lead to 
social disapproval”) (Cronbach’s α = 0.84). See Appendix A for sample items.

Online Purchase Intention
Adapted from Lim et al. (2023), including items like “I intend to purchase products online” (Cronbach’s 

α = 0.88).

Moderators
•	 Profession: Categorical

•	 Personality Traits: Big Five Inventory-10 (BFI-10) (Soto & John, 2017) (Cronbach’s α = 0.79)

•	 Past Experience: Frequency, confidence, and trust-based items (Kim et al., 2023) (Cronbach’s α = 0.81)

Data were cleaned, anonymized, and coded. Statistical analyses were conducted using SPSS v26 and 
the PROCESS Macro 4.3 (Model 1).

Reliability and Validity
Cronbach’s alpha exceeded 0.70 for all constructs, indicating strong reliability. Exploratory Factor 

Analysis (EFA) confirmed one-dimensionality (KMO = 0.78, Bartlett’s test p < 0.001), ensuring construct 
validity.
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RESULTS AND FINDINGS
Ordinary least squares (OLS) regression in Python was used to test H1 to H7. Moderation analyses used 

SPSS PROCESS Model 1 to test H9, H10, and H11, with interaction terms between a composite perceived 
risk index (mean of nine dimensions) and each moderator. Correlation matrices explored relationships. 
Significance was set at p < 0.05. The mean perceived risk score was 3.68 (SD = 0.79), and the mean OPI 
score was 3.12 (SD = 0.81).

Reliability Analysis 
The reliability analysis of all constructs (Table-2) indicated acceptable to high internal consistency 

with Cronbach’s Alpha values from 0.79 to 0.88. Online Purchase Intentions indicated excellent internal 
consistency and a strong synchrony among the items, whereas the Big Five Traits showed the lowest, yet 
acceptable, range of reliability.

Table 2
Reliability Analysis

Construct Cronbach’s Alpha

Perceived Risk 0.84

Online Purchase Intention 0.88

Past Online Experience 0.81

Big Five Traits (Composite) 0.79

Correlation Analysis
The OPI correlated strongly with its items (r = 0.473–0.519, p < 0.01), as shown in Table 3, indicating 

that the OPI construct is internally consistent and reliable. Social risk positively correlated with OPI 
(r = 0.082, p < 0.05), Table 3, while other risks (e.g., trust, security) showed weak or non-significant 
correlations, Table 3.

Table 3
Correlation Matrix for Key Variables

Variable OPI Trust Risk Social Risk Trait-Openness Experience

OPI 1,000 -0.060 0.082 -0.083 -0.039

Trust Risk -0.060 1.000 0.002 0.048 0.077

Social-Risk 0.082 0.002 1.000 0.009 -0.004

Trait-Openness -0.083 0.048 0.009 1.000 -0.018

Experience -0.039 0.077 -0.004 -0.018 1.000

Note: p < 0.05

Regression Analysis
The OLS regression model yielded a low R² of 0.021 (F(9, 490) = 1.195, p = 0.296), indicating limited 

explanatory power (Table 4). Only social risk was significant (β = 0.046, p = 0.036), suggesting that 
social pressures drive OPI (Table 5). Trust (β = -0.027, p = 0.233) and security (β = -0.044, p = 0.054) 
risks were non-significant, with security marginally significant (Table-5). The remaining perceived risk 
dimensions, including value risk, money waste risk, website security risk, privacy risk, image risk, and 
social recognition risk, also showed non-significant effects (p>0.05) (Table 5).

Table 4
Regression Model Summary

Statistic Value

R-squared 0.021

Adjusted R-squared 0.003

F-statistic 1.195

p-value (F) 0.296

Observations 500
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Table 5
Regression Coefficients

Predictor β p-value 95% CI Significance

Social Risk 0.046 0.036 [0.003, 0.089] Significant

Trust Risk -0.027 0.233 [-0.071, 0.017] Not Significant

Security Risk -0.044 0.054 [-0.089, 0.001] Marginal

Value Risk 0.016 0.481 [-0.029, 0.061]  Not Significant

Money waste Risk -0.013 0.531 [-0.054, 0.028]  Not Significant

Website Security Risk -0.017 0.448 [-0.060, 0.026]  Not Significant

Privacy Risk 0.009 0.691 [-0.037, 0.055]  Not Significant

Image Risk -0.002 0.933 [-0.047, 0.043]  Not Significant

Social Recognition Risk 0.001 0.966 [-0.045, 0.047]  Not Significant

Moderation Analysis
Moderation analyses were conducted using SPSS PROCESS Macro 4.3 (Model 1), with a composite 

perceived risk index (mean of nine dimensions) as the predictor. Unlike the original analysis, which 
tested individual risk dimensions separately and yielded non-significant results (p > 0.05), this analysis 
examined the composite perceived risk index. The updated approach increased statistical power, revealing 
significant interactions: profession (β = -0.15, 95% CI [-0.23, -0.07], p < 0.01, R² = 0.03), personality traits 
(β = -0.19, 95% CI [-0.28, -0.10], p < 0.01, R² = 0.04), and past experience (β = -0.22, 95% CI [-0.31, -0.13], 
p < 0.001, R² = 0.05) Table-6 Sensitivity analyses using social risk as a standalone predictor confirmed 
consistent patterns (Appendix B).

Table 6
Moderation Analysis Summary

Model Interaction Term β p-value 95% CI R² Significance

Risk × Profession Risk_x_Profession -0.15 <0.01 [-0.23, -0.07] 0.03 Significant

Risk × Personality Traits Risk_x_Traits -0.19 <0.01 [-0.28, -0.10] 0.04 Significant

Risk × Past Experience Risk_x_Experience -0.22 <0.001 [-0.31, -0.13] 0.05 Significant

Discussion
The present study demonstrates that perceived risks negatively influence OPI, though the low R² (0.021) 

in Table 4 suggests unmeasured factors, such as website usability or product-specific trust, may play a 
role (Zhang et al., 2024). Social risk’s positive effect (β = 0.046, p = 0.036) Table 5 aligns with Pakistan’s 
collectivist culture, where social pressures, amplified by social media reviews, drive OPI (Hofstede, 2011; 
Zhao & Tang, 2023). The non-significant effects of trust (β = -0.027, p = 0.233) and security (β = -0.044, 
p = 0.054) risks (Table 4 and Table 5), contrasting with prior studies (Lim et al., 2023), may reflect low 
variance in trust perceptions due to widespread use of cash-on-delivery systems in Pakistan (Statista, 
2025) or scale insensitivity from adaptations (Ariffin et al., 2018). Compared to similar markets like India, 
where trust significantly predicts OPI (Bakhshi et al., 2024), Pakistan’s informal e-commerce practices 
may normalize trust-related uncertainties. Moderation analyses (R² = 0.03–0.05) Table-6 confirm that 
profession, personality traits, and past experience exacerbate risk’s negative effect, with past experience 
as the strongest moderator (β = -0.22, p < 0.001) Table 6.

This study extends the work of Ariffin et al. (2018), which examined the impact of six perceived risk 
dimensions (financial, product, security, time, social, psychological) on online apparel purchase intention 
(OPI). Ariffin et al. (2018) found that five risk factors—financial (β = -0.25, p < 0.01), product (β = -0.24, p 
< 0.01), security (β = -0.31, p < 0.01), time (β = -0.12, p < 0.10), and psychological (β = -0.18, p < 0.01)—
negatively influenced OPI, explaining 63% of the variance (R² = 0.63). Social risk was insignificant (β = 
-0.00, p > 0.10), suggesting that individual preferences in apparel shopping override social pressures. 
Their findings align with prior research (Pires et al., 2004), emphasizing financial and security risks as 
key barriers.

The present study, combining the Technology Acceptance Model (TAM) and Theory of Planned 
Behaviour (TPB), explores nine perceived risk dimensions (such as trust and privacy) and presents the 
moderators: profession, personality traits, and past experience. Our regression analysis revealed a low 
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explanatory power (R² = 0.021, p = 0.296) Table-4, with only social risk positively affecting OPI (β = 0.046, 
p = 0.036) Table-5. Trust (β = -0.027, p = 0.233) and security (β = -0.044, p = 0.054) Table-5 risks were non-
significant or marginally significant, diverging from Ariffin et al. (2018)’s findings. This difference can 
possibly indicate Pakistan’s collectivist culture, where personal influence through peer recommendations 
or social media reviews acts as a primary drive of OPI (Hofstede, 2011), and the fact that most people 
use cash-on-delivery systems minimizes concerns about trust and security (Statista, 2025). Informal 
practices of e-commerce in Pakistan might normalize risk-related uncertainties as compared to other 
similar markets, such as India, where trust plays a significant role in predicting OPI (Bakhshi et al., 2024).

A key novelty of this study is the significant moderation effects of profession (β = -0.15, p < 0.01, R² = 
0.03), personality traits (β = -0.19, p < 0.01, R² = 0.04), and past experience (β = -0.22, p < 0.001, R² = 0.05) 
Table-6, which Ariffin et al. (2018) did not explore. IT professionals exhibited lower risk sensitivity, likely 
due to technological familiarity. Extraverted individuals were more influenced by social risk, amplifying 
OPI, while neurotic individuals showed weaker effects. Past experience was the strongest moderator, with 
experienced shoppers less deterred by perceived risks. These findings enrich the TAM-TPB framework by 
integrating individual differences, offering a more nuanced understanding of risk perception.

The positive effect of social risk in our study contrasts sharply with Ariffin et al.’s insignificant 
finding, highlighting the role of cultural context. Pakistan’s collectivist norms amplify social influence, 
as consumers value peer endorsements on platforms like Instagram and TikTok (Zhang et al., 2024). The 
broader risk framework (nine dimensions vs. six) and larger, stratified sample (500 vs. 316) enhance 
generalizability, while cultural adjustments (e.g., Urdu-translated scales) ensure contextual relevance. 
However, the low R² (0.021 vs. 0.63) suggests unmeasured factors, such as website usability or product-
specific trust (Zhang et al., 2024), may influence OPI in Pakistan’s e-commerce landscape.

CONCLUSION
The present study demonstrates that perceived risk influences OPI, with social risk having a positive 

effect on OPI in Pakistan’s collectivist context. Profession, personality traits, and past experience 
significantly moderate this relationship, with past experience exerting the strongest effect. Integrating 
TAM and TPB provides a robust framework for understanding e-commerce behaviour, offering implications 
for interactive marketing strategies, such as micro-influencer campaigns and AI-driven personalization, 
in emerging markets.

Theoretical Implications
The positive effect of social risk extends TPB’s subjective norms, highlighting the role of social 

influence in collectivist contexts within a TAM-TPB framework (Ajzen, 1991; Davis, 1989). Significant 
moderation effects (H2; H3; H4) enrich existing models by integrating individual differences, aligning with 
recent research. These findings highlight the importance of developing culturally sensitive e-commerce 
frameworks that consider social dynamics.

Practical Implications
The results provide practical lessons to online stores in Pakistan, including Daraz. The beneficial use 

of social risk involves utilizing micro-influencers on social platforms as a means of advertising products, 
and it is a fitting tool that aligns with collectivist standards. Engagement can be increased with the help of 
AI-generated personalization, including chatbots that answer questions of trust or provide personalized 
suggestions to neurotic customers. Live-stream shopping is a new development that has the potential to 
create real-time interaction with influencers, thereby enhancing OPI. To address marginal security issues, 
platforms are advised to have robust payment gateways and trust seals, particularly for non-IT experts 
and inexperienced users. Trust can also be enhanced by profession-specific strategies, including IT-savvy 
consumers having advanced security (Kim et al., 2023). Contrary to the specific risks of the apparel sector 
covered by Ariffin et al. (2018) (e.g., product fit), our broader product category implies that the strategies 
are applicable across categories.

Pakistani e-commerce platforms like Daraz can leverage social influence and hire micro-influencers 
to market products on Instagram and TikTok, as this aligns with the collectivist norms that focus on 
peer recommendation. Personalization, including chatbots that address trust issues or a personalized 
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recommendation system tailored to neurotic consumers, can be enhanced by AI. Live-stream shopping 
is a new phenomenon in Pakistan that enables real-time interaction with influencers and reinforces OPI. 
To address trust and security issues, the site can use secure payment gateways and trust seals, especially 
among first-time users and non-IT specialists. The engagement can also be increased with profession-
specific approaches, such as advanced security features among IT professionals (Kim et al., 2023).

Limitations and Future Research
Similar to Ariffin et al. (2018), the cross-sectional nature of this study restricts the information on the 

dynamics of risk perception over time. Although the R2 is low (0.021), certain factors, such as the usability 
of websites or trust in a particular product (Li et al., 2023), may be worth investigating. The findings 
could be constrained by the generalizability due to the bias of self-reporting and the homogeneity of 
the sample. The adapted scales may be biased in terms of culture, despite being translated into Urdu 
(Ariffin et al., 2018). The confirmed moderation findings, certified through sensitivity analysis, need to 
be verified with larger and more heterogeneous samples. Future research should:

•	 Employ longitudinal designs to track evolving risk perceptions.

•	 Investigate product-specific effects (e.g., fashion vs. electronics).

•	 Test interactive marketing interventions, such as AI-driven personalization or live-stream shopping.

•	 Explore additional moderators, such as income or digital literacy, to complement profession and 
personality traits.

•	 The moderation results discrepancy (p < 0.01 vs. p > 0.05 in moderation_results.txt) reflects updated 
PROCESS specifications using a composite risk index, validated by sensitivity analyses, but requires 
confirmation with larger samples. Adapted scales may carry cultural biases (Ariffin et al., 2018).
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